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Abstract In this study, we investigate and explain the level and change of six ele-
ments of group-focused enmity (GFE; see Zick et al. in J. Soc. Issues 64(2):363–383,
2008) in Germany between 2002 and 2006: racism, xenophobia, anti-Semitism, ho-
mophobia, exclusion of homeless people and support for rights of the established.
For the data analysis, a representative 4-year panel study of the adult non-immigrant
German population collected during the years 2002–2006 is used, and the develop-
ment of each GFE component is tested by using an unconditional second-order latent
growth curve model (LGM) (with full information maximum likelihood, FIML). We
find that the level of 5 of the 6 components (racism, xenophobia, anti-Semitism, ho-
mophobia, exclusion of homeless people) displays an increase at the beginning of
the observed period followed by a decrease. However, the sixth aspect, rights of the
established, displays a continuous linear increase over time. The different develop-
mental pattern stands in contrast to Allport’s (The nature of prejudice. Perseus Books,
Cambridge, 1954) hypothesis for the strong link between the components and their
development over time. We try to explain this different developmental pattern by
several sociodemographic characteristics. This is performed by using a conditional
second-order latent growth curve model.
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1 Introduction
The issue of prejudice toward minorities and its relation to discrimination has been
studied early on. In recent years, it has drawn increasing attention in the European
legal system. The European Union has been active in the fight against discrimina-
tion and in promoting equal opportunities, and with the Amsterdam Treaty in 1997
(European Parliament) came new, far-reaching powers to take actions to combat dis-
crimination based on gender, racial or ethnic origin, religion or belief, disability, age,
or sexual orientation (Heitmeyer 2003; Marsh and Sahin-Dikmen 2003). This has re-
sulted in an increasing study of prejudicial expressions in recent years. Building on
Allport’s (1954) and Adorno et al. (1950) generalized prejudice theory, these studies
have found that prejudice against foreigners, people of another race, Jews, homo-
sexuals, Muslims, or homeless people can be understood as an expression of one
syndrome, group-focused enmity (GFE) (see, e.g., Zick et al. 2008). Whereas this
line of work is very important for the understanding of prejudice in modern societies
at a specific time point, only a few studies have tried to study the development of
group-focused enmity over time. However, such studies are paramount for monitor-
ing societies and better understanding of the development of prejudice and its sources
over time (e.g., Datenreport 2008).
The increasing availability of panel data has encouraged the development and uti-
lization of methods to analyze them in recent years. One of the methods seldom used
in this field but potentially very useful is latent growth modeling (LGM) which is also
known as latent curve analysis (Meredith and Tisak 1990; Bollen and Curran 2006).
This technique describes individual development in terms of initial levels and devel-
opmental trajectories on the group as well as on the individual levels. This method has
several advantages over more traditional methods to analyze data over time, which
will be exemplified in our empirical study.
In this study, we firstly intend to study the development over time of different
elements of GFE in Germany in recent years (between 2002 and 2006) using repre-
sentative panel data. Furthermore, we try to explain its dynamics by social structural
variables. Using LGM modeling with multiple indicators, we are in a position to test
level and change of the GFE elements and to explain them. The uniqueness of the
LGM approach provides us the opportunity not only to study the change of GFE el-
ements in Germany, but also to investigate individual variability around this change
and test whether it can also be predicted by social-structural variables such as age,
education, political orientation and place of residence.
The paper is structured as follows. We start by providing theoretical background
about the generalized prejudice syndrome of group-focused enmity and its elements.
Next, we introduce the LGM model and the procedures for a higher order LGM
that we apply here. In the next section, we describe the data and the variables used,
drawn from a representative sample of the adult German population. Subsequently,
we display the results. The paper finalizes with a summary of the substantial findings
on level and change of prejudice in Germany.
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2 Theoretical background
2.1 Generalized prejudice: the concept of group-focused enmity and its empirical
evidence
Prejudice and discrimination are widespread throughout the world. For several
decades now, researchers have proposed that prejudices against different target groups
are not independent of each other, but are rather closely linked phenomena (e.g., Sum-
ner 1906; Adorno et al. 1950; Allport 1954; LeVine and Campbell 1972). More than
half a century ago, Gordon W. Allport noted that “[o]ne of the facts of which we
are most certain is that people who reject one out-group will tend to reject other out-
groups. If a person is anti-Jewish, he is likely to be anti-Catholic, anti-Negro, anti any
out-group” (Allport 1954: 68). In other words, prejudice is understood as a unitary
phenomenon by this research group. We build upon these approaches and consider
enmity toward different minority groups as being closely related to each other and
deriving from a generalized attitude toward out-groups.
Surprisingly few attempts have been made to profoundly examine different ele-
ments of the generalized prejudice construct and, for the most part, different preju-
dices have even been analyzed in separate lines of research. Nevertheless, numerous
studies show that different types of prejudice are substantially interrelated, i.e., people
with high levels of prejudice against one group tend to have high levels of prejudice
against other groups and vice versa.
Just to mention a few of them, in an early study by Kogan (1961), negative atti-
tudes toward elderly people were found to be positively correlated with negative atti-
tudes toward Blacks, ethnic minorities and disabled people. Bierly (1985) presented
evidence that people with homophobic attitudes tend to express misogynous attitudes
and to devaluate Blacks and old people. In addition, Whitley (1999) showed different
forms of prejudice (affective, stereotypes, attitudes) to be closely interlinked.
The high correlations between different types of prejudice obtained in past and
more recent research support the idea of generalized prejudice (Zick et al. 2008).
Besides these inter correlations among different prejudice elements, some studies
have presented more profound empirical evidence for generalized prejudice by ei-
ther developing reliable scales including several prejudices (Guimond et al. 2003), or
by forming a second order factor of several prejudices (Heyder and Schmidt 2003;
Ekehammar et al. 2004; Bratt 2005). For instance, a highly reliable scale of preju-
dices against 17 different ethnic out-groups was created by Guimond et al. (2003). In
Bratt’s (2005) analysis, prejudices against five non-Western immigrant groups were
found to load on one underlying second order factor (see Bratt for other possible
factorial solutions). Heyder and Schmidt (2003) reveal one second order factor ac-
countable for the lower order factors of anti-Semitism, anti-foreigner sentiments and
in-group favoritism. Ekehammar et al. (2004) constructed a second order factor out
of prejudices against several very heterogeneous out-groups (women, ethnic groups,
mentally disabled, homosexuals).
Employing large probability samples of the German population, Zick et al. (2008)
also find support for the contention of generalized prejudice. But besides a second
order factor of seven different prejudice constructs, their analyses go beyond it by
484 E. Davidov et al.
examining the common core of their concept of group-focused enmity syndrome, by
testing its stability over time and by analyzing its common causes and consequences.
These studies investigated the properties and validity of the GFE syndrome as a
second order factor. However, the development of GFE and its elements in Germany
over time have not been investigated, yet. Furthermore, it is still not clear whether all
the GFE elements take a similar developmental form and which factors predict the
level and change of GFE. In the next sections, we will address these questions.
2.2 Sociodemographic predictors of prejudice
Education is often used as a predictor of prejudice. However, it is not clear in what
way it affects prejudice. Kunovich (2004) proposes two views that have been pre-
viously reported in the literature. The “education-as-liberator view” (Jackman and
Muha 1984) suggests that education decreases prejudice. Social scientists suggest
that there is a negative relation between education and prejudice because education
increases norms of democracy of individuals (H1a). By contrast, the “education-as-
superficial commitment view” (Jackman and Muha 1984) suggests that any associa-
tion between education and prejudice is only a result of measurement bias (satisfying
the interviewer’s expectations) or of a superficial level of support for tolerance (see,
e.g., Jackman 1978). According to this view, those with higher education will only
exhibit lower levels of prejudice, but in actuality are as prejudiced as other people.
Other sociodemographic variables used in the literature to explain the level of
prejudice are age, political orientation and place of residence. Kunovich (2004) finds
that age has a positive effect on prejudice with older people displaying higher levels
of prejudice (H2a). Political orientation naturally affects prejudice, and individuals
with a right-wing political orientation are expected to be more prejudiced than those
without (H3a). Finally, in the German context, place of residence (i.e., East or West
Germany) plays an important role in the explanation of the level and change of preju-
dice. The two parts of the country have different political and historical climates, and
people in the Eastern part of Germany tend to devaluate out-groups, at least foreign-
ers, more strongly (Heyder and Schmidt 2003) (H4a).
Whereas arguments in previous studies lead us to expect sociodemographic vari-
ables to exert an effect on the level of the GFE elements, they do not provide us with
information as to what effects these variables should have on change of the GFE
elements. As we do not have any preceding information, we derive our hypotheses
with a similar logic. With respect to education, as education is expected to have a
negative effect on prejudice and GFE, it is also expected to have a negative effect on
their growth. Thus, with increasing education, prejudice is expected to grow more
slowly (H1b). As age is expected to have a positive effect on prejudice, it is also
expected that older people’s prejudice increases more rapidly over time (H2b). Sim-
ilarly, a right-wing political orientation is expected to have a positive effect on the
growth of prejudice over time (H3b). Finally, not only are people living in East Ger-
many expected to be more prejudiced, but we anticipate that their prejudice increases
more quickly over time (H4b).
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3 Method
3.1 The latent growth curve (LGM) model
Latent growth models (LGM) represent a major approach in the analysis of level
and change using panel data. They provide information about the individual growth
or decline of individuals by estimating an underlying trajectory over time for each
individual. Based on the work of Tucker (1958) and Rao (1958), they were firstly
proposed by McArdle (1986), McArdle and Epstein (1987) and Meredith and Ti-
sak (1990), and further discussed by Bollen and Curran (2006) and Duncan et al.
(2006). The basic idea behind LGM models is that individual development (growth
or decline) for a given concept is a function of a latent random intercept and a latent
random slope. Whereas the latent intercept represents the average initial position of
individuals in the process, the latent slope represents the average development (in-
crease or decrease; or change rate) over time. The LGM function for an observed
indicator in the univariate case can be represented as follows:
yit = αi + λtβi + εit (1)
where yit is the observed indicator for individual i at time point t . It is explained by
two latent factors, αi and βi . αi reflects the initial level and represents the latent in-
tercept. βi represents the individual latent slope factor and reflects the (linear) rate of
change per unit of time. For both αi (the intercept) and βi (the slope), the mean and
variance can be estimated. The average intercept indicates the average initial level
on the group level, and the average slope indicates the average change in each unit of
time on the group level. The variance of the intercept indicates the individual variabil-
ity around the group parameter of the initial level. The variance of the slope indicates
the individual variability around the group parameter of change. In such a way, the
process of change of each individual is taken into account in order to form an esti-
mated single underlying trajectory for each person over time. εit represents a random
error, and λt specifies the time course. However, one can leave the specification of the
process free and estimate it. In this way, contrary to Markov models (Finkel 1995),
one can test whether the change process is linear or not.The subscript i indicates that
both the latent intercept and the latent slope are allowed to vary across individuals.
This idea can be expressed by the following function specifying group and indi-
vidual influences:
αi = μα + ζαi, (2)
βi = μβ + ζβi . (3)
Both latent factors, αi and βi , are specified by their means (μα and μβ) and their
residuals (ζαi and ζβi). As long as no additional predictors such as social structural
variables are introduced into the model (the so-called ‘unconditional LGM’), ζαi and
ζβi may be interpreted as the deviations from the group mean of the intercept and
the slope factors. Once exogenous variables to predict αi and βi are introduced into
the model (the so-called ‘conditional LGM’), ζαi and ζβi may be interpreted as the
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part of the deviations from the group mean not accounted for by these exogenous
variables.
LGMs can also be modeled for latent constructs instead of single observed indica-
tors (the so-called second order LGMs; see Hancock et al. 2001; Bollen and Curran
2006; Duncan et al. 2006; and Schlüter et al. 2006). This approach is an alternative
to the common generation of an index because the use of multiple indicators enables
the researcher to control for measurement errors. According to this approach, a latent
construct ηij for individual i measured at time point j measured by k indicators Yij
can replace yit in formula (1). The corresponding measurement model is
y = τ + 	η + ε (4)
where τ represents an intercept, 	 a vector of factor loadings and ε measurement
error. To model growth of the latent constructs, we use the generalized model (see
Graff and Schmidt 1982; Bollen 1989):
η = α + Bη + ζ. (5)
In this case, α is a vector of intercepts, which represent the initial level of the pro-
cess. B is a matrix of second order factor loadings, which specifies the hypothesized
growth pattern that underlies the η constructs. ζ is a vector of stochastic errors in the
first order latent constructs.
Estimation of a process of change using the LGM model can be done using panel
data and any SEM software, such as AMOS (Arbuckle 2007; Byrne 2010), EQS
(Bentler 1995; Byrne 2006), LISREL (Jöreskog and Sörbom 2001), Mplus (Muthén
and Muthén 1998–2010), or OpenMX (Ozaki et al. 2009). It may be conducted by the
full information maximum likelihood (FIML) procedure (Allison 1987; Muthén et al.
1987; Bollen 1989; Arbuckle 1996; Enders 2001; Brown 2006) assuming multivariate
normality by maximizing
logLi = Ki − 12 log |Σi | −
1
2
(xi − μi)′Σ−1i (xi − μi) (6)
Where Li is the log likelihood function for individual i that measures the discrepancy
between the observed data and parameter estimates with all model variables that are
complete for case i (Enders 2001). K is a constant that depends only on the number
of indicators, x are observed indicators, and μ and Σ are the population mean vector
and covariance matrix (Arbuckle 1996). This likelihood function is especially use-
ful in the analysis of panel data with structural equation modeling since it has been
shown that it deals effectively with missing values (similarly to multiple imputation;
see Schafer and Graham 2002; Kleinke et al. 2011). The approach uses all the avail-
able data during the estimation. When data are missing either completely at random
(MCAR) or at random (MAR) and have a multivariate normal distribution, full infor-
mation maximum likelihood produces parameter estimates, standard errors and test
statistics that are consistent and efficient (Arbuckle 1996).1 Further discussions and
1Although FIML assumes MAR, this assumption is difficult to prove in panel data and may be violated.
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applications for this model may be found, for example, in Bollen and Curran (2006),
Browne and Du Toit (1991), Curran and Muthén (1999), Duncan et al. (2006), McAr-
dle (1986, 1988, 1989, 1991, 2011), McArdle and Epstein (1987), Meredith and Tisak
(1990), Muthén (1991, 1996), Muthén and Curran (1997), Reinecke (2005), Reinecke
and Seddig (2011) and Willett and Sayer (1994). In the next section, we turn to the
description of our data to test the development of the different elements of GFE.
4 Empirical analysis
4.1 Data
Data were drawn from a recent representative panel study of the German adult
population aged 16 years and over (see Heitmeyer 2008) between 2002 and 2006.
Computer-assisted telephone interviews (CATI) were conducted at four time points,
2002, 2003, 2004 and 2006. 2722 German residents without any immigration back-
ground were interviewed in the summer of 2002. 1383 respondents (51% of the orig-
inal sample) were re-interviewed in the summer of 2003. In the summer of 2004, 825
of them (30% of the original sample) were re-interviewed. Of these, 551 could be
relocated and re-interviewed in the summer of 2006.2 Data were collected to serve
as social monitoring for the German society with the goal of finding out how peo-
ple of different social, religious, and ethnic backgrounds or with different lifestyles
are perceived by the majority of Germans and whether and to what extent they are
confronted with hostile attitudes.
4.2 Variables
Six elements of GFE, anti-Semitism, racism, xenophobia, homophobia, exclusion of
homeless people and support for rights of the established were measured, each by
two indicators.3 The indicators used for the six prejudice elements are presented in
Table 1. For example, two questions are used to measure anti-Semitism. Respondents
are asked to indicate whether they agree with the statements that Jews have too much
influence in Germany and that due to their behavior Jews are also responsible for how
they were treated. Respondents indicated their agreement on a four-point response
scale from 1 (fully agree) to 4 (fully disagree). All items were recoded so that higher
numbers would mean higher enmity.
Four sociodemographic variables measured in the sample of 2002 are presented
in Table 2 with means and standard deviations. They include the variables place of
2Additional representative cross-sectional studies in 2003, 2004 and 2006 were used to control that there
were no significant differences in several sociodemographic characteristics between the panel respondents
and respondents in the new samples. Christ (2006) shows that panel mortality was not systematic but rather
produced missing at random. For further details on the design, see Zick et al. (2008), Schlüter et al. (2006),
Gensicke (2003), Gensicke and Geiss (2004), and Christ (2006).
3These elements were chosen by the project designers because they mirror important elements of prejudice
in German society. However, GFE elements may vary across time, cultures and individuals (see, e.g., Zick
et al. 2008, or Küpper and Zick 2010). Islamophobia was excluded from the analysis because the questions
used to measure it changed during the panel.
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Table 1 GFE elements, item names and question wording, means and standard deviations (in parentheses)
by panel wave (2002, 2003, 2004 and 2006)
GFE element Items Item Wording Means
(standard
dev.)
Means
(standard
dev.)
Means
(standard
dev.)
Means
(standard
dev.)
1st wave
2002
2nd wave
2003
3rd wave
2004
4th wave
2006
(N = 2 722) (N = 1 383) (N = 825) (N = 551)
Racism Racism score 1.70 1.73 1.70 1.66
R1 “Aussiedler” should be better
treated than foreigners because
they are of German origin.
1.80 1.81 1.83 1.80
(0.86) (0.80) (0.79) (0.78)
R2 White people have the right to
have a leading position in the
world.
1.60 1.64 1.56 1.51
(0.82) (0.80) (0.77) (0.75)
Xenophobia Xenophobia score 2.29 2.32 2.36 2.32
F1 There are too many foreigners in
Germany.
2.52 2.51 2.56 2.58
(1.04) (1.00) (1.00) (0.99)
F2 If working places become scarce,
foreigners living in Germany
should be sent back to their home
country.
2.05 2.12 2.16 2.06
(0.93) (0.91) (0.90) (0.88)
Anti-Semitism Anti-Semitism score 1.72 1.73 1.81 1.61
A1 Jews have too much influence in
Germany.
1.81 1.81 1.91 1.73
(0.84) (0.84) (0.83) (0.84)
A2 Due to their behavior, Jews are
also responsible for how they
were treated.
1.63 1.65 1.70 1.48
(0.80) (0.80) (0.80) (0.69)
Homophobia Homophobia score 2.05 2.11 2.16 2.05
H1 Marriage between two women or
two men should be allowed.
2.06 2.07 2.13 2.01
(1.15) (1.10) (1.08) (1.08)
H2 It is disgusting when
homosexuals kiss in public.
2.03 2.14 2.19 2.09
(1.09) (1.09) (1.06) (1.03)
Exclusion of
homeless
people
Exclusion of homeless people
score
2.30 2.33 2.37 2.28
O1 Homeless people should be
removed from pedestrian zones.
2.24 2.28 2.32 2.24
(0.98) (0.94) (0.89) (0.89)
O2 Homeless people in the towns are
unpleasant.
2.36 2.37 2.41 2.31
(0.91) (0.90) (0.86) (0.86)
Rights of the
established
Rights of the established score 2.33 2.39 2.44 2.51
E1 When one is a “newcomer”, s/he
should be satisfied with less.
2.55 2.62 2.67 2.72
(0.98) (0.92) (0.87) (0.92)
E2 One who has always lived here
should have more rights than
those who came later.
2.11 2.15 2.20 2.31
(1.02) (0.98) (0.94) (0.98)
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Table 2 Measurement scale, means and standard deviations of sociodemographic variables (measured
in 2002)
Variable Scale Mean Standard deviation
East/West 1 = West Germany; 2 = East Germany 1.39 0.49
Age In years 47.94 15.01
Education 1 = no school leaving certificate attained; 3.27 1.10
2 = lowest secondary education certificate;
3 = middle secondary education certificate;
4 = upper secondary education certificate
mandatory for university qualification;
5 = higher education
Right/left 1 = left-wing; 5 = right-wing 2.76 0.79
residence (East/West), receiving the value of 1 if a respondent lives in West Germany
and 2 if in East Germany; Education (1 = no school leaving certificate attained; 2 =
lowest secondary education certificate; 3 = middle secondary education certificate; 4
= upper secondary education certificate mandatory for university qualification; 5 =
higher education); Age (in years); and political orientation (right/left) receiving the
value of 1 if respondent has a left-wing political orientation and 5 if respondent has a
right-wing political orientation.
4.3 Descriptive overview
Table 1 presents mean values for each indicator of the various elements of GFE across
the four panel waves. An examination of the table reveals that a few changes have
taken place in the mean level during the time period 2002–2006. However, these
changes are not uniform for the different elements of GFE. Some elements display
more change than others, and the pattern of change is diverse. In particular, the gen-
eral scores of racism and xenophobia show little or no change over time with a small
increase in the first waves followed by a small decrease. Anti-Semitism displays no
change between the first and the second waves, an increase in the third wave and
a substantial decrease in the fourth wave. Homophobia and exclusion of homeless
people display a marginal increase over the first three waves and a decrease back to
their initial level in the fourth wave. Interestingly, the only GFE element which shows
a continuous linear increase over time is rights of the established. This element has
displayed an ongoing increase over the whole period of data collection between 2002
and 2006. Figure 1 presents the observed changes in each of the GFE elements.
This descriptive overview observed the total scores of each element of the GFE
syndrome. The literature has shown that when one controls for measurement error,
results may change, as measurement errors could severely bias mean comparisons
of index variables (Bollen 1989). To test whether there was a “real” change in sup-
port for rights of the established in Germany during the time-period 2002–2006 as
opposed to the other elements of GFE, in the next section we are going to run a sec-
ond order latent growth curve model while controlling for random and nonrandom
measurement errors of the observed indicators.
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Fig. 1 Development of the observed scores of the GFE elements
4.4 Unconditional latent growth curve models
There are different ways to proceed with the statistical analysis for delineating the
development of GFE over time. One way would be to model GFE as a second order
factor at each time point and run a single LGM model for GFE rather than separate
LGM models for each of the six elements of group-focused enmity. The level of the
total GFE syndrome in each of the four time points would be ‘explained’ by an in-
tercept and a slope factor. As a second order factor, it would be reflected by its six
elements at each time point. These six elements will be modeled as first order factors
in the model (see Reinecke 2005). Alternatively, we chose to delineate the develop-
ment of the GFE elements over time separately. The reason is that we have observed
different developmental patterns for the various GFE elements in the previous sec-
tion. We would like to account for these descriptive findings using an LGM model
for each element separately. A single LGM model for the whole GFE concept would
not allow us to consider such differences in the change pattern over time.
Statistical analyses were performed using the program Amos 17.0 (see Arbuckle
2007) and the full information maximum likelihood (FIML) approach. We restricted
the factor loadings between indicators and their respective first order factors (the
elements of GFE) and the indicators intercepts to be identical over time. This will
guarantee that the meaning of the first order factors does not change over time (this
is discussed in the literature as metric invariance) and that the scale is used similarly
over time (this is termed in the literature as scalar invariance; see, e.g., Horn and
McArdle 1992; Meredith 1993; Steenkamp and Baumgartner 1998; Vandenberg and
Lance 2000; Cheung and Rensvold 2002; Harkness et al. 2003 (Chap. 3), Billiet and
Welkenhuysen-Gybels 2004; De Beuckelaer 2005; McArdle 2011).4 In other words,
4A stricter test which guarantees that the meaning of the constructs is stable over time would require
also conducting cognitive pre-tests and the collection of qualitative data. Unfortunately, such data is not
available in this survey.
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we apply a ‘top–down’ strategy in which we start with a restricted model. If the “time
invariant” model does not fit to the data, then we should consider releasing some of
the constraints. Furthermore, we are starting with specifying a linear model for each
of the GFE elements to find out whether there is a linear increase. We do this by
setting the regression coefficients between the slope and the GFE elements at time
points 2002, 2003, 2004 and 2006 to be 0, 1, 2 and 4, respectively. This corresponds
to a 1-year interval between the first three panel waves and a 2-year interval between
the third and the fourth panel waves. If this specification is rejected, we adapt one
or two of the loadings from the slope to the GFE elements to better correspond to
the longitudinal change.5 Results reporting the means and variances of the slope and
the intercept for each of the six GFE elements, the covariance between the slope and
the intercept, the respective regression coefficients between the slope and the GFE
elements at time points 2002, 2003, 2004 and 2006 and the global fit measures are
presented in Table 3.
Based on the global fit measures which are presented in Table 3, we cannot reject
any of the six time invariant LGM models which constrain the factor loadings and the
indicator intercepts to be equal over time (Hu and Bentler 1999; Marsh et al. 2004).
All factor loadings between indicators and the first order constructs are substantial
(greater than 0.4) in the four waves. This implies that the indicators measure our
theoretical constructs well. Table 3 also presents the trajectories chosen for each of
the GFE elements. Now we turn to the other findings presented in Table 3.
As is shown in Table 3, all slopes and intercepts have mean values significantly
higher than zero. In other words, purged from measurement errors, group-focused
enmity elements start from a level significantly higher than zero and subsequently
change over time. As is evident in the table, these means of the intercepts, which
represent mean levels of the GFE elements in 2002, are quite different from the index
scores presented in Table 1 for 2002. The reason is that in contrast to the means
of manifest variables presented in Table 1, the means in Table 3 present estimates
of latent variables purged from measurement error. The significant variances of the
slope and the intercept imply that there is variability in the initial level and in the
change process of the GFE elements. However, whereas the variance of the intercept
of all elements of the GFE with the exception of racism turned out to be significant,
this was the case only for the variance of the slopes of xenophobia and homophobia.
In other words, whereas the initial level of most GFE elements is very heterogeneous
in the German population, the change pattern is not very different across individuals
for most GFE elements. If change takes place, it takes quite a similar form across
groups.
Furthermore, the change pattern took a different form for the various GFE ele-
ments as can be seen on the sixth column of Table 3. In this column, the regression
coefficients from the slope to the elements of the GFE in the different time points
5Alternative strategies would imply considering nonlinear developments with the quadratic growth curve
model or different pieces of developments via specification of a piecewise trajectory model (Bollen and
Curran 2006; see also McArdle 2011). However, with only few time points in the data set, we preferred to
adapt the loadings to the change pattern rather than to specify a more complex or a piecewise trajectory
model. Furthermore, we tried a quadratic model for several elements of GFE. However, the model did not
fit the data for several of them and required various modifications.
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Fig. 2 Expected change in the latent variable support for rights of the established
are displayed. None of them indicates a continuous linear increase over time with
one exception, rights of the established. The reason that a nonlinear trajectory was
chosen for most of the GFE elements is that this trajectory best describes the descrip-
tive data over time presented in Table 1. This data indicate that these GFE elements
increase in the first panel years and decrease later. The coefficients from the slope to
the different time points reflect this process (for alternative strategies to model non-
linear processes, see, e.g., Duncan et al. 2006). Racism, xenophobia, anti-Semitism,
homophobia and exclusion of homeless people all display some increase followed by
some decrease as is evident in the regression coefficients. By way of contrast, rights
of the established displays a constant linear increase. The size of increase per year for
support of rights of the established is estimated in the mean slope to be 0.05. In other
words, between 2002 and 2006 they have increased by 0.05 per year (on a scale of
1 to 4). This development is illustrated in Fig. 2. Finally, the insignificant covariance
between the slope and the intercept implies that there is no relation between the initial
level of GFE and its change for the reference time point 2002.
To explain variability in the intercept and the slope, namely, to provide substantive
explanations for the level and change of GFE, it is necessary to include predictors into
the model and condition the slope and the intercept onto such predictors. In the next
section, we turn to the results of the conditional LGM models. Our discussion in
the previous section has led us to expect people living in East Germany (H1), older
people (H2), less educated individuals (H3) and people politically oriented to the
right (H4) to (a) be more prejudiced and (b) that their prejudice scores increase more
rapidly over time. Since we found that only the variances of the slope of xenophobia
and homophobia were significant, and that the variance of the intercept of racism was
not significant, the following conditional LGM models will focus on the explanation
of the slopes and intercepts whose variance was found to be significant.
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Table 4 Effects of place of residence (East or West Germany), age, education and political orientation on
the change process (intercept and slope) of GFE (standardized coefficients)
Xenophobia Anti-Semitism Homophobia Exclusion of
homeless people
Rights of the
established
Int. Slope Int. Int. Slope Int. Int.
East/West 0.22∗ N.S. 0.06∗ 0.13∗ N.S. 0.24∗ N.S.
Age 0.05∗ −0.26∗ 0.17∗ 0.44∗ −0.10∗ 0.07∗ 0.10∗
Education −0.18∗ −0.47∗ −0.20∗ −0.10∗ −0.09∗ −0.12∗ −0.30∗
Right/left 0.19∗ −0.12∗ 0.27∗ 0.26∗ 0.06∗ 0.18∗ 0.26∗
∗P < 0.05
4.5 Conditional latent growth curve models
To test our hypotheses, we conditioned five of the six LGM models of the GFE ele-
ments (with the exception of racism whose variances for both the intercept and slope
were not significant) on four explanatory variables: place of residence (East or West
Germany), age, education and political orientation. The intercept in each of the mod-
els and the slopes of xenophobia and homophobia were regressed on these four vari-
ables. The results summarizing the effects of these predictors are presented in Table 4.
Table 4 presents the standardized regression coefficients of the effects of East/West,
age, education and political orientation on the intercept and the slope of the GFE el-
ements whose variance turned out to be significant in the previous section. Several
findings are noteworthy: First, in almost all models, place of residence, age, educa-
tion and political orientation exert a significant effect in the expected direction on the
intercept. Older and less educated individuals with a right-wing political orientation
living in East Germany display higher initial levels in each of the GFE elements with
one exception; East Germans do not display higher initial levels in support for rights
of the established. This finding stands in opposition to the hypothesis that East Ger-
mans show higher enmity for all GFE elements. This finding could be explained in
light of the fact that the rights of the established refers to discrimination of newcom-
ers. Since many of the East Germans may consider themselves as newcomers (joining
West Germany after reunification), they avoid rating this GFE dimension highly in
order not to discriminate themselves. Finally, it is also worth noting that even after
controlling for the effects of age, education and political orientation, place of resi-
dence still has a positive and significant effect on the intercept of the GFE elements.
In other words, all other things being equal, people living in the East display higher
levels of prejudice in 2002 toward minority groups in Germany irrespective of their
education level, age or political orientation.
Now we turn to the effects of the sociodemographic predictors on the slopes of
xenophobia and homophobia. Whereas East Germans display higher initial levels in
xenophobia and homophobia, there are no marked differences in the change rate of
these elements among East and West Germans. People in East and West Germany
change their attitudes toward foreigners and homosexuals over time in a similar way.
While older people display higher initial levels for xenophobia and homophobia, they
Level and change of group-focused enmity in Germany 495
are more reluctant to change their scores over time as evident in the significant and
negative effect of age on the slope of xenophobia and homophobia. Individuals with
higher education display not only lower levels of prejudice but also lower rates of
change in xenophobia and homophobia as indicated by the negative effect of edu-
cation on the slopes. Thus, their level of prejudice remains rather stable over time
compared with individuals with lower education. Finally, people with a right-wing
political orientation display lower rates of change in xenophobia and higher rates
of change in homophobia. In other words, whereas their initial prejudice level to-
ward both of these groups is higher in the German population, their negative attitudes
toward homosexuals change more rapidly over time whereas their aversion toward
foreigners seems to be more stable. In sum, our hypotheses regarding the effect of so-
ciodemographic characteristics on the level (intercept) of GFE elements were (with
one exception) supported by the data. However, for the most part, we did not find
support for similar effects on the slopes.
Whereas the multivariate analyses provide insights into whether and how the level
and change rate in different dimensions of group-focused enmity differ among var-
ious groups in German society, they still do not help us to understand why we find
diverse change patterns for different GFE elements. In particular, whereas five of
the six elements (racism, xenophobia, anti-Semitism, homophobia and exclusion of
homeless people) displayed an increase in the first waves followed by a decrease in
the last wave, support for rights of the established displayed a continuous linear in-
crease over the whole period of data collection. In light of Allport’s (1954) assertion
that elements of GFE should display similar developmental patterns, this was a rather
surprising finding.
5 Summary and discussion
In this study, we followed two main goals. First, we wanted to investigate level and
change in six elements of group-focused enmity in Germany over the time period
2002–2006: racism, xenophobia, anti-Semitism, homophobia, exclusion of homeless
people and support for rights of the established. Second, we tried to explain variability
in the level and change rate of different elements of group-focused enmity among
various groups in the German society.
To examine our research questions, we utilized unconditional and conditional sec-
ond order latent growth curve models (LGMs) and full information maximum like-
lihood (FIML) procedure to deal with panel mortality and the problem of missing
values. We used representative panel data of the adult non-immigrant German pop-
ulation collected during the years 2002–2006. The second order LGM models were
used to
(a) investigate the development over time of each element of group-focused enmity
in Germany during these years (using unconditional LGMs); and
(b) explain variation in the level and change in the GFE elements with the sociode-
mographic variables place of residence, age, education and political orientation
(using conditional LGMs).
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We applied a second order LGM for each GFE element separately rather than a
single LGM for the whole GFE concept because such a model would have concealed
the different developmental patterns for each of its elements. Distinct LGM models
for each GFE dimension allowed us to examine the change pattern for each element
of prejudice separately. Indeed, we found that various GFE elements developed dif-
ferently over time. Five of them, racism, xenophobia, anti-Semitism, homophobia
and exclusion of homeless people, displayed an increase followed by a decrease at
the end of the panel. At the same time, support for rights of the established displayed
a continuous linear increase.
In the conditional LGM models, it turned out that older, less educated and right-
wing individuals living in the East of Germany display higher initial levels of preju-
dice. However, East Germans did not differ from their Western counterparts in their
level of support for rights of the established. In other words, for most of the GFE
dimensions, older, less educated and right-wing individuals living in the East of Ger-
many expressed more negative attitudes as we hypothesized. Since there are on av-
erage higher proportions of right-wing voters, low-educated and older people in East
Germany than in the West, it is not surprising that prejudice levels are also higher
there. However, living in the East had a significant positive effect on the initial level
of GFE even after accounting for the other predictors. So, other things being equal,
people in East Germany are more prejudiced than people in the West.
The variance of the slope turned out to be significant only for xenophobia and
homophobia, thus facilitating the study of their change rate over time. In the present
analyses, older and less educated individuals displayed a slower change over time in
their xenophobic and homophobic attitudes compared to younger, educated respon-
dents. Furthermore, whereas right-wing respondents displayed a slower change rate
over time in their xenophobic attitudes, their homophobic attitudes changed more
rapidly over time compared to left-wing respondents. Finally, there was no difference
in the change rate of xenophobia and homophobia among respondents living in East
and West Germany.
Other GFE elements did not display any significant variation in their change rate
across respondents. It could well be the case that we could not observe significant
variances for the slopes of four of the GFE elements because there were only four
response categories for the indicators measuring our GFE components. Had there
been more response categories per indicator, we might have observed larger variations
in the change rate of the GFE elements among respondents. This would have enabled
us to study what determines such variations more closely.
There are several limitations to this study. First, it may well be the case that there
are other predictors for the intercept and the slope of prejudice that were not in-
cluded in the conditional LGM model. Including such additional potential predictors
may have created a more differentiated picture of the causes of level and change of
group-focused enmity. For example, one such additional predictor could be employ-
ment status. According to group threat theory, it is suggested that difficult economic
conditions may increase perceptions of threat from immigrants or other minorities
which may, in turn, increase negative attitudes toward them (Semyonov et al. 2006).
However, there has been no empirical evidence that unemployment has an effect on
prejudice (see, e.g., Wasmer and Koch 2003) and, therefore, this variable was not in-
cluded as a predictor. Since we conducted a theory-driven test, we decided to include
Level and change of group-focused enmity in Germany 497
in the analysis those predictors which we regarded as most plausible according to
theory. Future research could examine additional predictors and how they potentially
interact with each other in the explanation.
Although our results are important for the study of group prejudice in Germany
and its monitoring, it is important to remember that the change in GFE found here is
relatively small and the time period studied is too brief to predict with greater con-
fidence patterns of change in prejudice in the future. The full potential of the LGM
method and a meaningful introduction of additional social-psychological variables to
explain the level and change of the syndrome can be fulfilled more intensively when
there is a longer time period available in the data. Often it is assumed that attitudes
toward minorities fluctuate in response to external events, such as terror attacks, and
in general are prone to change. Our findings suggest that in Germany, across the four
years studied, modest changes do take place. Therefore, an uninterrupted measure-
ment of prejudice in Germany is necessary for the continuous inspection of its level
and change and an evaluation of their determinants.
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